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Termination mechanisms. On the basis of
our data, we envision that rising insolation triggers the initial disintegration of a massive, isostatically compensated ice sheet, which in turn
triggers a slowing of MOC and hence a lowering
of surface-ocean heat flux to the North Atlantic.
Along with sea-ice formation, this collapse generates a cold anomaly in the North Atlantic, which
weakens the AM through atmospheric teleconnections (26, 27) and also moves the Intertropical Convergence Zone (ITCZ) to the south
(44–46). Antarctic temperature increase could
result from CO2 rise, from the bipolar seesaw
mechanism (20, 47–51), and from southward
shifts in atmospheric circulation patterns (52).
A number of mechanistic ties between this
set of events and CO2 rise seem plausible. First,
simple southward movement of climatic zones
[observed for ITCZ (45) and southern Brazil
(52)] could include a southward shift in the
westerlies (53), resulting in enhanced winddriven upwelling in the ocean around Antarctica,
promoting ventilation of respired CO2, atmospheric CO2 rise, and observed productivity
peaks (54). Second, warming from the bipolar
seesaw mechanism could melt sea ice in the
Southern Ocean, also promoting CO2 ventilation
(55). Third, warming associated with southerly
shifts in climate zones could reduce Patagonian
glaciation, lowering the flux of dust and iron
from Patagonia to the Southern Ocean, reducing
the efficiency of the biological pump (56). There
are limits (imposed by bounds on the glacialinterglacial change in the carbonate compensation depth) on the extent to which alkalinity-based
mechanisms can contribute to the CO2 rise (57, 58).
However, within these limits, it is plausible that
alkalinity-based mechanisms may contribute. Given
the broad synchrony between terminations and
CO2 rise, alkalinity-based feedbacks between sea
level and atmospheric CO2, such as the coral reef
hypothesis (59), may well contribute once the sea
level begins to rise. Archer et al. (57) argued that
no single mechanism could explain the full glacialinterglacial range in CO2. Here, we present a scenario in which CO2 rise could be caused by a set
of mechanisms all ultimately linked to the rise in
boreal summer insolation. Both rising insolation
and rising CO2 (60–62), generated with multiple
positive feedbacks, drove the termination.
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Reactome Array: Forging a Link
Between Metabolome and Genome
Ana Beloqui,1* María-Eugenia Guazzaroni,1* Florencio Pazos,2 José M. Vieites,1 Marta Godoy,2
Olga V. Golyshina,3 Tatyana N. Chernikova,3 Agnes Waliczek,3 Rafael Silva-Rocha,2
Yamal Al-ramahi,1 Violetta La Cono,4 Carmen Mendez,5 José A. Salas,5 Roberto Solano,2
Michail M. Yakimov,4 Kenneth N. Timmis,3,6 Peter N. Golyshin,3,7,8†‡ Manuel Ferrer1†‡
We describe a sensitive metabolite array for genome sequence–independent functional analysis of
metabolic phenotypes and networks, the reactomes, of cell populations and communities. The
array includes 1676 dye-linked substrate compounds collectively representing central metabolic
pathways of all forms of life. Application of cell extracts to the array leads to specific binding of
enzymes to cognate substrates, transformation to products, and concomitant activation of the
dye signals. Proof of principle was shown by reconstruction of the metabolic maps of model
bacteria. Utility of the array for unsequenced organisms was demonstrated by reconstruction of the
global metabolisms of three microbial communities derived from acidic volcanic pool, deep-sea
brine lake, and hydrocarbon-polluted seawater. Enzymes of interest are captured on nanoparticles
coated with cognate metabolites, sequenced, and their functions unequivocally established.
unctional genomics has greatly accelerated
research on the genomic basis of life processes in health and disease and provided
a quantum advance in our understanding of
such processes, their regulation, and underlying
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mechanisms (1). Functional assignments and metabolic network reconstructions have generally
depended on both the genome sequence of the
organism(s) in question and bioinformatic analyses
based on homology to known genes and proteins
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(2–6). However, many genes in databases have
questionable annotations or are not annotated
at all (7–9), which hinders effective exploitation of the rapidly growing volume of genome
sequence data. Metabolomics provides new
insights into the metabolic state of a cell under a
given set of environmental parameters, or in response to a parameter change, independently
of a genome sequence, although problems of
metabolite identification and quantification
exist (10–12). Functionally associating the
metabolic profile obtained with the enzymes
and pathways responsible still depends heavily
on sequenced-based metabolic reconstructions.
There is thus a need for a new method to causally link metabolites with cognate enzymes, which,
in addition to delivering global descriptions of
metabolic responses to given environmental
conditions, simultaneously provides annotation of the enzymes featured. The “reactome
array” we describe here forges this link between genome and metabolome and provides a
global metabolic phenotype of a cell extract
derived from a clonal population of cells or a
mixture of cell types, as is found in clone libraries, tissues, or multicellular organisms. The
array constitutes a generic tool for metabolic
phenotyping of cells and annotation of proteins
and has applications in diverse aspects of biology and medicine.
The reactome array. We synthesized 1676
metabolites—known from the Kyoto Encyclopedia of Genes and Genomes (KEGG) database
(13) to collectively represent central metabolic
pathways in all organisms—and 807 other substrate molecules (14). We coupled these to the
dye Cy3 and to a linker molecule used to immobilize the compounds on glass slides to produce
the array (fig. S1). The compounds printed on
the array are characterized by two key features
(Fig. 1). One is that the Cy3 dye component of the
compound as synthesized is inactive, as a result
of intramolecular resonance quenching. Productive catalytic action of an enzyme on the substrate
results in the release of the reaction product and
the dye, thereby relieving the quenching such
that the dye becomes activated and gives a fluorescent signal (movie S1). The arrayed metabolites (~0.7 fmol/spot; P < 0.011, N = 9) provided
detections down to absolute concentrations of
5.7 ng protein/ml (P < 0.043, N = 12) (fig.
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turn results in its selective capture by the nanoparticle, which is readily recovered. The captured
protein is then released in essentially pure form
for characterization by imidazole treatment of the
nanoparticle (14).
The reactomes of Pseudomonas putida and
Streptomyces coelicolor. To validate the reactome
array, we used it to determine the metabolic profiles of cultures of the bacteria P. putida strain
KT2440 (Pp) and S. coelicolor strain M145 (Sc).
The genomes of both organisms have been sequenced and, according to current annotations, of
the 1676 KEGG metabolites printed in the array,
595 should be metabolized by Pp and 598 by Sc,
whereas 1081 and 1033, respectively, should not
(13). The reactome profiles are displayed in fig.
S3. The fluorescence signal (table S3; P < 0.0255,
N = 9) was used as the score for the receiver
operating characteristic (ROC) analysis (15), based
on the assumption of a positive relationship between spot intensity in the array and metabolism
of the compound by Pp or Sc extracts (figs. S4
and S5). Over an optimal value of 1.0, the score
obtained of 0.74 (P = 1.73e−71) and 0.85 (P =
5.77e−172), for Pp and Sc, respectively, indicates
that the array readily discriminates compounds
metabolized by extracts of both organisms from
those that are not. These values are reasonably
high, given that the composition of the array is
based on the assumption that the reactions carried
out by Pp and Sc are those annotated in KEGG,
and that this is obviously not true, because the
reactome array has revealed the existence of
reactions not annotated in KEGG.
Reactome-based (re)annotations. At present,
the rate of generation of genomic sequence data
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S2). Even at the lowest enzyme concentrations, no signal interference by proteins or other
substances in cell lysates down to a target:total
protein ratio of 1:106 (total concentration, 100
mg/ml) was detected (fig. S2). Such sensitivity
is sufficient for activity determination of enzymes in many types of sample, including clinical
samples. Nonproductive interactions of proteins
with the metabolites—binding without chemical
change—do not release either the substrate or
the dye and thus do not relieve dye quenching. The
reactome array contained a total number of 2483
metabolites (tables S1 and S2) that collectively
serve as substrates in all metabolic pathways
figuring in the KEGG and PubMed databases
and the University of Minnesota Biocatalysis/
Biodegradation Database.
The nature of the linker molecule, a Co(II)
complex containing a poly(A) tail, is such that
productive reaction of an enzyme with the substrate leads to release of both histidine “tags”
anchored to the Co(II), thereby exposing an active cobalt cation which ligates and immobilizes
the enzyme on the array spot (Fig. 1 and fig. S1).
This feature is exploited to capture for characterization enzymes determined from the array as being of interest. In this case, individual compounds
are attached via their linkers to gold nanoparticles
(Fig. 2A), which serve as high-capacity capture
probes for cognate enzymes (a concentration of
9 × 1010 particles/ml of diameter ~2.9 T 0.8 nm,
corresponds to a surface area of ~141 T 3 cm2/ml
that displays 62.5 pmol of substrate with a binding capacity of 3 to 18 pmol protein per ml).
Nanoparticles are mixed with the cell lysate to
allow enzyme reaction with the substrate; this in

Glass slide

Glass slide

Fig. 1. The reactome strategy. The generic structure of reactome metabolites involves three linked
components: the enzyme substrate-metabolite, the quenched dye, and the linker used to immobilize the
complex on the array or on nanoparticles. The substrate-metabolite is linked to the quenched dye through
a labile nitrogen bond, and both the dye and the substrate are anchored to the Co(II)-containing poly(A)
linker by histidine “tags.” Details of the synthetic strategy are provided in fig. S1. An enzyme-catalyzed
chemical change in the substrate at a position adjacent to the weakly amine region causes rupture of the
labile nitrogen:metabolite bond and release of the quenched Cy3 dye. This in turn provokes release of the
reaction product and the histidine “tags” anchored to the Co(II), thereby exposing an active cobalt cation
that ligates and immobilizes the enzyme on the array spot. The released dye is no longer quenched and
gives a fluorescent signal. The nature of the reaction and the catalysis product is defined by the position to
which the quenched dye and the substrate are linked (table S2).
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outstrips our ability to analyze and usefully exploit
this data (16). There is a lack of functional information about many open reading frames (ORFs)
and an incorrect annotation of some others (7).
To establish sequence:function relationships for
proteins reacting with the array, we created a suite
of 528 batches of gold nanoparticles, each batch
covered with an individual metabolite found to
be metabolized by the P. putida extract and collectively representing the entire Pp reactome. Each
type of nanoparticle was separately reacted with
the Pp cell lysate and recovered by centrifugation,
and then the unbound enzyme was removed by
washing with buffer. Captured enzyme(s) was
released by imidazole and identified by trypsin
digestion and mass spectrometry peptide sequencing (Fig. 2A). 549 proteins were captured by the
nanoparticles, of which 191 enzymes acting on
158 of the 525 metabolites were unambiguously
identified (table S4) and their functions assigned.
As shown in the left panel of Fig. 2B, overall
the captured enzymes exhibited a noticeable bias
toward functions relating to xenobiotic (33%) and
amino acid metabolism (31%). New functional
assignments and annotations were defined for
31 enzymes (16%) that had been previously predicted from genome sequence analysis but not
characterized as proteins (Fig. 2B, middle panel).
These include oxidoreductases, synthases, ligases,
kinases, deacetylases, transferases, decarboxylases,
nucleosidases, and DNA-metabolizing proteins
and were assigned to pathways for xenobiotic
(55%), amino acid (19%), carbohydrate (11%),
and secondary metabolite (7%) metabolism. Biochemical characterization of 23 out of 31 hypothetical proteins identified by array mapping and
further captured in essentially pure form confirmed
their activities (Fig. 2C and fig. S6A). This analysis revealed enzymatic potential for p-cymene
and 4-chlorobiphenyl metabolisms in P. putida
that have not thus far been predicted by genome
analysis of Pp (fig. S6B). The analysis of a further 25% resulted in improved annotations, and
the activities of the remaining 59% of enzymes
were consistent with current annotations in the
databases (Fig. 2B, right panel). All together, these
findings expand the extensive potential catabolic
landscape of this bacterium (17) and will facilitate future genome annotations, because the majority of these genes are highly conserved in other
organisms.
The reactomes of microbial communities of
diverse habitats. The results obtained with model
organisms for which genome sequences are available confirmed that the reactome array constitutes
a means of obtaining a genome-wide overview
of the metabolic status of a population of cells.
Because all metabolic pathways documented in
the main databases are represented by metabolites
on the reactome array, and because a subset of
these—the core metabolites—are characteristic of
all life forms, it should enable such overviews to
be obtained of the cells of essentially any organism, and even of communities of multiple species. In the latter case, the quality of the metabolic
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overview obtained will depend upon the complexity of the natural or experimental community,
the sensitivity of the reactome array, and the pos-

sible inclusion on the array of additional metabolites specific to the habitat and metabolism of the
habitat community members.

Fig. 2. Nanoparticle capture and functional characterization of hypothetical proteins of P. putida. (A) The
nanoparticle (NP) strategy for protein capture and analysis is summarized in the scheme. NP coated with a
single metabolite complex is allowed to react with the cell lysate. An enzyme able to transform the substrate
becomes captured by the Co(II) cation of the linker and immobilized on the NP. After recovery of the NP by
centrifugation, and washing to remove unbound enzymes, the specifically captured enzyme(s) is released by
imidazole treatment of the NP, separated in pure form from the NP by filtration, sequenced, and functionally
characterized. In the case where more than one enzyme binds to the substrate on the NP, a further separation
will be necessary. (B) Functional assignments of P. putida proteins detected by the array. On the left is shown
the distribution of functional classes of the 191 enzymes captured on NPs and further unambiguously identified and characterized. This provided a direct activity annotation and thereby allowed us to determine
which previous genomic annotations were correct. The middle element shows the distribution of the functional classes of the 31 (previously) hypothetical proteins. On the right is shown the distribution of correctly
and incorrectly genome-annotated enzymes and of new direct activity annotated proteins. (C) Substrate
spectra and steady-state kcat/Km kinetic parameters of 23 previously hypothetical proteins that were NPcapture purified and that are color coded as indicated in the lower part of the figure. Substrate names (14)
and Km and kcat values are shown in fig. S6. Other substrates tested but for which no activity was detected
are shown in table S4C. Data represent the mean T SEM of four independent measurements.
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In some instances, environmental samples will
not contain enough biomass for the array analysis,
either because organism concentrations are very
low or because only small samples can be acquired.
In this case, the genetic information present in the
samples can be harvested and archived in a laboratory host microbe, like Escherichia coli K-12,
to create genomic libraries of multiple species,
so-called “metagenomic libraries.” We investigated whether useful information on the metabolic profiles of microbial communities can be
obtained from such libraries, despite the differences in physiology and expression apparati of
the donor organisms and those of E. coli, different

habitat conditions, and so on. If so, this would
allow functional exploration of communities characteristic of extreme and difficult-to-sample environments, such as hydrothermal vents, and of slowgrowing communities in nutrient-poor habitats.
We obtained samples from three very distinct
habitats: a low-nutrient, heavy metal–rich, acidic
geothermal pool on Vulcano Island in the Tyrrhenian Sea (VUL); a nutrient-rich, organic pollutant–
contaminated surface seawater near Kolguev Island
in the Barents Sea (KOL); and the seawater-brine
interface of the L’Atalante deep-sea hypersaline,
anoxic lake (L’A) in the Eastern Mediterranean
Sea. To obtain sufficient genomic DNA for li-

Fig. 3. Functional profiling and metabolic reconstruction of the metagenome library representations of
the L’A, KOL, and VUL communities. (A) We used the relative proportion of z scores (log scale) provided in
fig. S10 to rank KEGG functions in the three metagenome libraries. The detailed metabolic profiles
(reactome “barcodes”) are clearly distinct; the most distinctive metabolic characteristics are labeled. (B)
Depiction of the distinguishing metabolic features of the communities in the context of their panmetabolic networks. The L’A community consists essentially of two related species, so we have represented
its metabolic network in the context of a single cell, whereas the other communities are diverse, with their
pan-metabolic networks represented as a “meta cell,” with fragmented membranes indicating facile exchange of metabolites between different community members of the “multicellular community organism.”
The metabolic networks depicted of the L’A, KOL, and VUL communities were constructed from the reactome
array data from the 1676 metabolites that can be automatically found in KEGG. Tight coupling between
major metabolic pathways is indicated.
www.sciencemag.org
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brary construction, we stimulated multiplication
of the cells in the samples by adding growth substrates: Fe(II) to 100 mM plus yeast extract to
0.02% (VUL); crude oil to 0.2% (KOL); and
D-glucose to 2 mM (L’A), and subsequently
harvested the resulting microbial communities,
extracted their total DNA, and established metagenome libraries in E. coli. To determine which
species of microorganisms were present in each
community, we used the DNA obtained from each
sample as substrate for amplification of 16S rRNA
genes by polymerase chain reaction (PCR). The
amplicons thereby obtained were cloned to produce
16S rRNA gene libraries, and representative numbers of the clones were sequenced and taxonomically assigned through use of standard GenBank
database homology search tools and phylogeny
analysis packages (14). The compositions of the
three communities are depicted in fig. S7. The VUL
community was not very diverse and was dominated by acidophilic iron-oxidizing eubacterial
species of Acidithiobacillus and acidophilic species of heterotrophic Bacillus and Alicyclobacillus.
Species of the extremely acidophilic archaeon
Ferroplasma were present in small amounts. In
contrast, the KOL community was diverse and included various petroleum-degrading organisms belonging to the gamma- and epsilon-proteobacteria,
such as species of Pseudomonas, the hydrocarbonoclastic bacterium Thalassolituus, and the
denitrifying bacterium Arcobacter. The least diverse community was that of L’A, which consisted essentially of two strains distantly related
to Halanaerobium kushneri.
The pan-reactomes of the three microbial communities were determined by application of cell
lysates of pooled clones to the arrays (table S3;
P < 0.0381, N = 9). Cell lysates of the parental,
nonrecombinant E. coli strain used for library construction, and grown and treated under the same
conditions, were used to produce a baseline pattern that was subtracted from those obtained with
the library lysates to give the pan-reactome patterns (fig. S8). The VUL reactome consisted of
enzymatic reactions involving 807 substrates, the
KOL reactome involved 1493 compounds, and
the L’A reactome included 2386 compounds (fig.
S9). A total of 484 substrates were metabolized
by extracts of all three communities, but the detailed metabolic profiles were clearly distinct (Fig.
3 and figs. S10 to S12), presumably reflecting
niche-specific metabolic profiles expected of communities occupying distinct habitats.
The L’Atalante hypersaline lake has a high
density, and its surface acts as a trap for organic
detritus (“marine snow”) and larger bioorganic
material sedimenting through the water column
(18). The major metabolic activities within the
anoxic brine are sulfate reduction and methanogenesis (16). Metabolism in the brine-seawater
interface is therefore expected to reflect (i) the
slow input of diverse organic materials from
above; (ii) the input of methane and sulfide from
below, and other electron acceptors and donors
and various metals, whose concentrations vary

9 OCTOBER 2009

255

RESEARCH ARTICLES
steeply across the interface and which are cycled
through various redox states and balances by the
stratified microbial communities; and (iii) the steep
gradients of salinity and redox potential.
Some of the features that distinguish the L’A
reactome from those of VUL and KOL are high
activity levels of sulfur, one-carbon pool-folate,
amino-sugar and sphingolipid metabolisms, and
low-nitrogen, porphyrin, nicotinate-nicotinamide
and riboflavin metabolisms, pentose phosphate
and glycolysis-gluconeogenesis pathway activity,
and glycerol(phospho)lipid metabolism (Fig. 3 and
fig. S12). The predominance of sulfur metabolism
reflects the role of sulfide, produced by sulfate
reduction in the underlying brine, as the primary
source of energy in this system. The predominance of folate reactions (second highest Zi value) (fig. S10) probably reflects a high proportion
of one-carbon biochemistry (19). The predominance of inositol and amino-sugar pathways may
reflect high-level production of osmoprotectants,
as cellular adaptation to the prevailing high salt
conditions and associated osmotic stress. Enzymes
of sphingolipid metabolism represented almost
9% of the total reactome and 66% of all lipid
biosynthetic pathways present on the array. Sphingolipids are thought to protect the cell surface
against harmful environmental factors and can
function as important signaling molecules involved
in responses to a variety of stresses (20). Although
the sample cultivations are expected to have resulted in population-level reductions of some
microbial species present in the original source
environment, sequence analysis of the 16S rRNA
gene library created from the L’A sample (fig.
S7) revealed that all of 96 clones analyzed belonged to a single group of halophilic anaerobes,
the Halanaerobium-like organisms, that includes
both fermenting and sulfur- and thiosulphate reducers (H. congolensis) (21). A pyrosequencing
analysis of the L’A metagenome also indicated the
presence of a methanogenic euryarchaeon related
to Methanosarcina (14), which is consistent with
methanogenic activity in the habitat. Thus, despite
the biases inherent in both enrichment cultivations
and metagenome libraries, there is reasonable consistency among habitat characteristics, the microbial community reactome, and the phylogeny and
presumed physiology of the microbes present in
the L’A sample.
KOL is a petroleum oil–enriched seawater
sample from near the Port of Kolguev Island in
the Barents Sea. Water in this area has a temperature of about 1°C in summer, when the sample was taken, and is chronically polluted from
on-shore oil mining operations and shipping traffic. The main feature of the KOL metagenome
reactome was a rich profile of hydrocarbon and
organic utilization pathway activities, including
those for the (halo)aromatics carbazole and atrazine
(Fig. 3 and fig. S12). This is consistent both with
the conditions prevailing in the source habitat and
the sample enrichment culture derived from it and
with the composition of the enrichment (determined by sequence analysis of a 16S rRNA gene
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library prepared from it), in which members of the
genus Thalassolituus, hydrocarbonoclastic bacteria specialized in the degradation of aliphatic and
aromatic fractions of crude oil (22), represent some
33% of the entire community (fig. S7). Other distinguishing features of the KOL reactome were a
prevalence of carbon fixation and denitrification
and nitrogen metabolism activities as energy-source
mechanisms and weak signals for sulfur and methane metabolism. These are consistent with microbial
photosynthetic, nitrogen fixation, and denitrification
activities typically carried out in coastal surface
waters and with the presence of Roseobacter sp.
(4%), and Arcobacter (18%), Pseudomonas (40%)
spp., and Paracoccus denitrificans, known specialists in phototrophic carbon fixation and nitrogen
metabolism, respectively (table S5). Nicotinate and
nicotinamide metabolism was also evident, which
is consistent with a metabolism in which NADdependent enzymes, like dehydrogenases (23),
play important roles.
The VUL sample represents an enrichment for
ferrous iron- and sulfur-oxidizing microbes derived
from the acidic sulfur- and iron-rich sediments of a
hydrothermal (25 to 75°C) pool. The reactome of
the metagenome library of VUL confirmed that
nitrogen and sulfur pathways are major activities
in this environment, consistent with two species,
Acidithiobacillus and Alicyclobacillus, bacteria with
iron- and sulfur-oxidizing activities and the ability
to fix nitrogen (24), making up some 74% of the
microbial community (fig. S7). One major feature
of the reactome is the predominance of histidine
pathway enzymes, which represent 24% of the
entire amino acid metabolism activities and 4.3%
of all metabolic activities measured by the array:
This represents 4 to 5 times as many as that found
with the other two communities (Fig. 3 and fig.
S12). The hydrothermal pool contains iron-rich
minerals, like jarosite [KFe(III)3(OH)6(SO4)2] and
goethite [FeO(OH)·nH2O], at concentrations ranging from 3 to >500 mg per liter, and other heavy
metals, which have maximum solubilities at low
pH. Because intracellular histidine diminishes the
pH-dependent toxicity of heavy metals, by sequestering them in the cytoplasm, the elevated histidine
activity of the VUL sample might reflect adaptive
responses to a selective pressure for histidinemediated detoxification of heavy metals (25). The
VUL community showed a high level of porphyrin metabolism, which represented about 20% of
the entire cofactor and vitamin metabolism (up
to 8 times as high as that in the other communities), and included cobalt-salvaging coenzyme
B12 (cobalamin) precursor metabolism (fig. S13).
It is possible that cobalt, an essential metal cofactor, is acquired and used more efficiently by
the acidic community than the others (26, 27). A
feature of the VUL reactome not expected for the
acidic hydrothermal pool was the high level of
enzymatic activity with organic compounds like
caprolactam, which suggests the presence of these
or structurally related compounds in the source
sediment, originating either from natural vent activity or anthropogenic pollution.
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Applications of the reactome array. The reactome array reported here represents a tool to
obtain a detailed and quantitative profile of the
metabolic activity of a cell population or tissue,
a cell consortium or organ, and an organism or
consortium of organisms. It provides a “metabolic barcode” that can be compared with those
of other samples. Because many of the metabolites
on the array are connected in known pathway
sequences, it is in principle possible to reconstruct
much of the metabolic network operating in a cell
or organism without any prior genomic information. Where genomic information is available, the
array forges a link between metabolome and genome (fig. S3). The most detailed and cohesive
metabolic network construction will be with a clonal population of cells, and the least cohesive
with a diverse consortium of cell types, because
of greater metabolic range and diversity, and cellular discontinuities in the global metabolism.
Nevertheless, it is even possible to obtain useful
information on the metabolic activity of microbial communities from environmental samples
(fig. S14). This can lead to the discovery of unknown metabolic activities in organisms and communities (table S6), identification of metabolic
components of niche specificity, and exposure
of predominant microbial pathways shaping the
characteristics of individual habitats.
The reactome array, and customized versions
of it, may find applications in the large-scale
metabolic characterization of cell lines, organisms,
mutants, transgenes, and libraries thereof, or of
mutant enzyme libraries, or in diagnostic tests. In
evaluation of environmental pollution, the array
would provide a measure of pollutant-metabolizing enzymes and thus a measure of the concentration of bioavailable pollutant. The rapidity of the
reactome array and its format, which enables
automation and high throughput, should facilitate
its application in diagnostic procedures. The array
may also contribute to enzyme discovery, because
proteins can be identified and isolated directly from
environmental samples or from source organisms,
thereby circumventing expression cloning biases.
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Unbiased Reconstruction of a
Mammalian Transcriptional Network
Mediating Pathogen Responses
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Models of mammalian regulatory networks controlling gene expression have been inferred from
genomic data but have largely not been validated. We present an unbiased strategy to
systematically perturb candidate regulators and monitor cellular transcriptional responses.
We applied this approach to derive regulatory networks that control the transcriptional response
of mouse primary dendritic cells to pathogens. Our approach revealed the regulatory functions
of 125 transcription factors, chromatin modifiers, and RNA binding proteins, which enabled the
construction of a network model consisting of 24 core regulators and 76 fine-tuners that help
to explain how pathogen-sensing pathways achieve specificity. This study establishes a broadly
applicable, comprehensive, and unbiased approach to reveal the wiring and functions of a
regulatory network controlling a major transcriptional response in primary mammalian cells.
egulatory networks controlling gene expression serve as decision-making circuits
within cells. For example, when immune
dendritic cells (DCs) are exposed to viruses,
bacteria, or fungi, they respond with transcriptional programs that are specific to each pathogen
(1) and are essential for establishing appropriate
immunological outcomes (2). These responses
are initiated through specific receptors, such as
Toll-like receptors (TLRs), that distinguish broad
pathogen classes and are propagated through
well-characterized signaling cascades (2). However, little is known about how the transcriptional
network is wired to produce specific outputs.
Two major observational strategies have associated regulators with their putative targets on
a genome scale (3): Cis-regulatory models rely
on the presence of predicted transcription factor
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binding sites in the promoters of target genes
(3–5), whereas trans-regulatory models are based
on correlations between regulator and target expression (3–6). Because promoter binding sites
and correlated expression are weak predictors of
functional regulator-target linkages, such approaches
are limited in their ability to produce reliable
models of transcriptional networks (3). A complementary strategy is to systematically perturb
every regulatory input and measure its effect on
the expression of gene targets. This strategy has
been successfully used in yeast (7–9) and sea
urchin (10), but not in mammals.
A perturbation-based strategy for network
reconstruction. We developed a perturbation
strategy for reconstructing transcriptional networks in mammalian cells and used it to determine a network controlling the responses of DCs
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to pathogens (Fig. 1). First, we profiled gene expression at nine time points after stimulation with
five pathogen-derived components and identified specific and shared genes that respond to
each stimulus (fig. S1A). We used these profiles
to identify 144 candidate regulators whose expression changed in response to at least one
stimulus (11) (fig. S1B, top). We also identified
a signature of 118 marker genes (fig. S1B, bottom) that captures the complexity of the response. We generated a validated lentiviral short
hairpin RNA (shRNA) library for 125 of the
144 candidate regulators (fig. S1C, top), used it
to systematically perturb each of the regulators
in DCs, stimulated the cells with a pathogen component, and profiled the expression of the 118gene signature (12) (fig. S1C, bottom). Finally,
we used the measurements from the perturbed
cells to derive a validated model of the regulatory network (fig. S1D).
Gene expression programs in response to
TLR agonists. We measured genome-wide expression profiles in DCs exposed to PAM3CSK4
(PAM), a synthetic mimic of bacterial lipopeptides; polyinosine-polycytidylic acid [poly(I:C)], a
viral-like double-stranded RNA; lipopolysaccharide
(LPS), a purified component from Gram-negative
Escherichia coli; gardiquimod, a small-molecule
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Fig. 1. A systematic strategy for network reconstruction. The strategy consists of four steps (left to right): state measurement using arrays; selection of regulators
and response signatures; network perturbation with shRNAs against each regulator, followed by measurement of signature genes; and network reconstruction from
the perturbational data.
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retraction

Post date 12 November 2010

The Research Article “Reactome array: Forging a link between metabolome and genome” (1)
described the synthesis of some 2000 quenched fluorescent dye-metabolite compounds, and
their use to create an array to obtain a global overview of the metabolic network operating in
a population of cells at the time of sampling. Upon productive interaction with an enzyme in
a sample, an array compound releases the dye, which fluoresces and its signal is captured. To
our profound regret, peer inspection of the paper after publication revealed errors and omissions in the information provided on the chemistry underlying array compound synthesis,
and the processing of array data obtained. After an investigation, the Ethics Committee of the
CSIC in Madrid has recommended the withdrawal of the paper. Given the errors in the paper,
and the skepticism about the array that they have generated, we retract the paper. We apologize to Science, our institutions, and the scientific community for any inconvenience caused
by our paper and its retraction.
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